Trends and Challenges using Data and
Technology for City Planning

Chris Pettit %
Professor of Urban Science
Director- City Futures Research Centre .
c.pettit@unsw.edu.au UNSW

https://cityfutures.be/unsw.edu.au/

City Futures
Research Centre


mailto:c.pettit@unsw.edu.au
https://cityfutures.be.unsw.edu.au/

Content

* Introducing City Futures
« Data and Technology in Planning

« Emerging digital planning tools
What if? Scenario planning support system
Rapid Analytic Interactive Scenario Explorer
Al Classifier - Planning Applications

MapGPT

e Conclusions L. UNSW

City Futures
N Research Centre



Our People

12 Professors and Associate Professors

20 Post-doctoral research fellows and assistants
30 Masters and PhD students.
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Our Mission

Our work advances the understanding of cities focusing on people,
places, policies and technologies. We research the major urban
challenges of city equity, housing, productivity, sustainability,

resilience, governance and renewal.

We do this in partnership with governments, industry, not for profit
organisations and communities.
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CFRC and the SDGs
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Our Facilities

City Analytics Lab
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The City Analytics Lab is a hybrid space
with smart equipment including:

* 6 Mobile touch screen workstations

« Augmented Reality Sandbox

« Streaming and conference capabilities
« Virtual Reality Equipment

https://www.be.unsw.edu.au/content/city-analytics-lab
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https://www.be.unsw.edu.au/content/city-analytics-lab
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Trip Activity by Time

5,470.30 5,388.50

SYDNEY

Digital Planning tools

Digital Planning « Data analytics

Decision Support «  Modelling
Scenario planning

_ Simulation
Geodesign -
Big Data » Usability
Open data * Visualisation
Dashboards « Virtual Reality
Rapid analytics - Automated valuation
Value uplift

Josonrs
=i iz il = =
f

“Geodesign, is a design and planning method |
which tightly couples the creation of design . S| > : - ;
proposals with impact simulations informed by \
geographic contexts.” (Flaxman 2010) : : ‘

=i S Dl AUTOMATING

; , VALUATION
o UNSW
Pettit, C.J. Zarpelon Leao, S. Lock, O. Ng, M. & Reades, J. (2022) Big Data: The Engine to Future Cities—A City Futures

Reflective Case Study in Urban Transport. Sustainability 2022, 14, 1727. https://doi.org/10.3390/ su14031727 . Research Centre



Data and technology in planning
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Waves of interest in the application of new digital technologies in planning practice
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Data and technology in planning

Planning and Business 0% 10% 20% 30% 40% 50% 60% 70% 80% 90% 100%
Regulation or policy boundaries * X XX
Property and development data * X »

Infrastructure and utilities usage x 4
Transport and mobility data Mo X
Employment and business ** xx X
Real estate data ** X X X X
Internet of Things b s X
People
Demographic ** X X »
Cultural heritage X X % X
Community consultation ** > X X X
First peoples/indigenous ** X X X X
Social media data ** X X X
Public heath data ** XX X X
Environment
Environmental WX X X
Natural hazards data ** X XX X
Climate change X XX x
Legend chi-square pval: * < 0.05, ** < 0.01 Average
X United States of America X Canada MXUK X Australia New Zealand

What type of data do you refer to in your current role?

UNSW

City Futures
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Data and technology in planning

0 0 20 30 0 50 60% 0 80 30 00
General Word processing* b 4
Video conferenci b
S X
Pres XX X
Social media b4
Adminis X X 0K
Graphics and Design** X X X X
ject management XX X
20K
Website editing** X X X
Spatial Online mapping / globe x X
s* X »X
3D model makin b X X
Digital twins / 3D City V XX X
Augmented/Virtual reality 3¢
Planning ePlans** XX X
Permit systems** X X X X
Community engagement platforms X X X
Discipline-s XX XX
Automated or seml-A doc prep X WX
Automated or semi-A dey e b & ¢4
Bullding Ir
Scenario
Development feasibility software 00K
Data Analysis Data portals** B | X X
Data visualisatior X X X
Programming | x X X
Machine Learning and Al* XX X
Legend Chi-square pval: * < 0.05, ** < 0.01 Average

X United States of America X Canada XX UK XX Australia New Zealand

UNSW

What type of software, web or phone applications do you use in your current role? City Futures
(Daniel et al. 2023) N Research Centre



(Daniel et al. 2023)

Data and technology in planning

o [Isovist

B
Excel * o 1.8 .Y
w v o ESRI ArcGIS. 3 . d .
NN 1 g ¢ Intramap.~ % . - o\ e ’ -
AUS n Google @S“"’ey ot -‘CAN =
T g/VearMap *Maps Monkey. N
/s @ Power BI %
(iégglé'Eadh .
Planning QGIS % @ Python
o ®R
_» " Portal e ® *® Tableau
" Google Street View <
"Sketchip * »
. .
N ® é v - * =
= UK . Data.gov.uk o3 USA
g ; g ® Uniform . X
Cadcorp
| VU City ! .
NOMIS . ébjective =l “census.gov
(Keyston
Legen d % ' % Rqsponses ?O 2oftware Spatial
Responses %30% (lndu\;ldual ) %o ategory @ pianning
country average
S ;”g”;;y g Y g % @ Data Analysis

0,
% 10%

What is the name of the software or application you use?
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Emerging Digital Planning Tools

What if? Scenario planning support system
Rapid Analytic Interactive Scenario Explorer
Al Classifier - Planning Applications

MapGPT

UNSW

City Futures
N Research Centre



Australian Housing
Data Analytics Platform

A Platform which connects
academics, government,
industry and communities to the
best available data, analytics
and insights to assist in solving
the challenges facing Australia’s
housing future.

https://www.ahdap.org/



https://www.ahdap.org/

Digital Tools

What If? ‘O'
P N

A planning support system
(PSS) that informs strategic
planners on the impact of
population growth and other

Envision?

Offers a set of tools allowing users
to query a wide variety of data sets
to undertake multi-criteria
evaluation and strategic, map-

socio-economic factors on the
future of Australian cities

based, precinct-level planning

Affordable Housing Assessment Tool

Designed to calculate the impact of
different cost and subsidy
parameters on housing
affordability. This tool models the
financial impacts of a range of
policy mechanisms and levers to
meet the costs of providing housing
for a given mix of housing needs
groups

An online, visual exploration tool for
conducting visual analytics on data
available on property markets across
Australia. Property values are rapidly
calculated using any one of the
automated valuation models
available on the toolkit.




Australian Housing
Data Analytics Platform

=

Home About us Colouring Cities Digital Workbench National Housing Data Exchange Contact us

Planning Support System (PSS) are broadly defined as geo-information technology-based instruments

designed to assist in the decision-making processes associated with urban planning and policy-making.
The online What If? tool is one such PSS which has been built on the principles of transparency, flexibility,
and user-friendliness. It enables planners to explore an envelope of what if? scenarios and understand the
implication of land supply, demand and future urban growth of a city, metropolitan area or region. The
online What If? tool beta version has been developed as one of the foundation digital workbench tools
available via the Australian Housing Data Analytics Platform (AHDAP).

Utilising open and public datasets, the AHDAP-What I1f? PSS possesses the capability to support
significant and challenging tasks within land use and urban planning areas. These tasks include: 1)
analysing the suitability of land for future housing, commercial, industrial and other purposes, 2) simple
projections of future population and trends, as well as corresponding land use demands, 3) allocating the
projected land use demands to the most suitable locations under various planning and infrastructure
controls and growth functions. The AHDAP-What If? offers a user-friendly interface accompanied by clear
guidance of the entire workflow to support strategic planning exercises. By providing accessible and
comprehensible functionality, the What if? tool is set up to support collaborative planning involving a range
of stakeholders, allowing their expertise and preferences to be converted into metrics which can be used to

drive future urban arowth scenarios for an urban settlement. For example. what if we exnlore a ponulation

https://www.ahdap.org/what-ifl

In this section

Home:

About us

Colouring Cities

Digital Workbench

National Housing Data Exchange

Contact us

UNSW

City Futures
Research Centre



https://www.ahdap.org/what-if1

What If? 1.0

The initial desktop
version of What If?

AURIN - What If?

The first online version of
What If? based on AURIN

What if2™

What If? 2.0 AHDAP - What If?

The upgraded online
version of What If? based
on AHDAP

The updated desktop
version of What If?

B UNSW
> City Futures
. Research Centre

What if? Planning Support System




What if? General workflow

Suitability Module

Evaluate the suitability of land conversion (from one category to another).

Demand Module

Computes the land use demand to accommodate the projected population
and household growth.

Allocation Module

Allocates various land use demands to different locations under different
scenarios.

P% UNSW
'~ City Futures

Research Centre




Case study

Suitability Module

Evaluate the suitability of land conversion (from one category to another).

Input: conversion rules, factors and weights
Output: the overall suitability for different land uses

Suitability Scenario Summary

Layers:
® High_density_residential

O Low_density_residential

Ipswich_suitability Summary:

Suitability Scenario Summary

Layers:
O High_density._residential

@© Low_density_residential

Ipswich_suitability Summary:

Scenario Name Dat m
ipswich_suitability pswich
ject Nami and Use Lay

© CARTO, © OpenStreetiap contributors

Suitability maps for High_density_residential and Low_density residential

= UNSW
< City Futures
Research Centre



General workflow
Demand Module — Stage 1

Calculate the residential land use demand to accommodate the projected population and

household growth.
* Input: Historical population and housing data; Breakdown, infill and vacancy rates;

Predicted housing density
e Qutput: Land use demand in projected years

Demand Scenario Summary

Ipswich_demand Summary:

Praject Name pswich_project Dataset Name pswich Baseline Year Housing Units: 87287
Projection Year High_density_residential Low_density_residential Total Area(Sq KM)
2026 3.14 6.467 9.607

Demand Report:

2031 5.266 11.204 16.570

2036 8115 17.664

UNSW
City Futures

. Research Centre



Case study

Allocation Module

Allocates various land use demands to different locations under different scenarios.
* |Input: Suitability and demand outputs, control settings
e Qutput: The allocation scheme of designed land uses.

Year 2026

Legends:

Original Land Uses Allocated to
High_density_residential,
Low_density_residential Land

IPSWICH IPSWICH

Year 2031

Legends:

Original Land Uses Allocated to
High_density_residential,
Low_density_residential Land

Year 2036

IPSWICH

+ ©

Locations of newly developed residential land in projected years (2026, 2031, 2036)

UNSW

City Futures
. Research Centre




Log In
AHDAP-What If?

What If webpage:
https://www.ahdap.org/what-ifl

AHDAP - Whatlf Tool (Beta)

AHDAP-Whatlf Tool Login

https://whatif.ahdap.org/login

Please contact us on
admin@ahdap.org for signing up
your own What If? account.



australia

Sharpening our land and property
decisions with Artificial

Intelligence
P A LIVERPOOL | p i UNSW
NSW Property e NGIL PRUNTIERL? - OMNERINK City Futures
INSYY NSW o v o Lmewertonansimrommation . Research Centre




RAISE Toolkit AVM-ASSISTED VALUATION S AARIET ARG

1120 ANZAC PDE ®

Title 1D: 1894/752015
Title Type: Lot
f Title Subtype: N/A'

3 bedrooms” 2 bathrooms”*

638m? parcel

$2,000,818

ADDITIONAL PARAMETERS v

1120 ANZAC PDE MAROUBRA NSW 2035

Percentage of population aged 65 14%

above ) < Parcel ID: 1884/752015
Majority of the aspect in land 1 Parcel Area
638m*

t f
o ctard anicnst e n ons Wiien
Percentage of born overseas 50%
Distance to Cemetery 2.539m
Distance to Coastiine 1,322m
Distance to Hospital 1,257

* denotes an estimated value

> UNSW

< City Futures
Research Centre



Transparent Automated Valuation Model

0S VALUATIONS

37 WALLACE ST, KINGSFORD, NSW 2032

Title ID: 3/14006

Title Type: Lot

Property Information

Soultl

650m

540m

6.8km

$2,161

14

$601

1,580,314

E= 3 bedrooms

| 1 bathrooms

zouili

380m

3.1km

850m

15%

5326

Eastern Suburbs - South

-3,929,467

37 WALLACE STREET KINGSFORD NSW 2032

Lower

Midpoint

$2.31m

Soulll

390m

550m

1,957

$3,050

24%

5%

$2.54m

Upper

$2.67m

Valuation Confidence: ® Medium

& EXPORT REPORT

UNSW

City Futures
Research Centre



UW Assisted Automated Valuation Model

SYDNEY

¥ RAISE Toolkit SCENARIOS VALUATIONS AVM-ASSISTED VALUATION SUB-MARKET ANALYTICS PORTEOLIO ANALYTICS

VALUATION TOOL
Search {:' v \:. Bedrooms: - 2 3 5 6+ .
alect 2 property title i 'l"l-’.-'ﬂtar:r:*? -
Bath : : .
Property Details (v ) athroems - Z |3 |+ . . -
Known property details I
[ Wallace
Ce St
Building information o CANCEL PREVIOUS STEP W v ’ ]
Aspects related to the building . . '
Comparable Sales . -
Select comparable sales A
. ) -
Suburb Summary ‘
Suburb valuation statistics ' -~ .
- ‘
Complete valuation
Finalise the valuation and e o .

- (0]

37 WALLACE ST, KINGSFORD

Lower Midpoint Upper

§2.63m $2.83m $2.99m

Valuation Confidence: @ High

> UNSW
< City Futures
N

Research Centre



¥ RAISE Toolkit SCENARIOS  VALUATIONS  AVMASSISTEDVALUATION  SUBAMARKET ANALYTICS b el ()
CREATE SCENARIO
Setup Scenario @ INSTRUCTIONS Bay Gardens
Describe the scenario I Select a type of infrastructure below and then
click to place It on the map.
Enter parameters ‘ = MAROUBRA
Madify the parametars for the scenario such as | DISTANCE TO HOSPITAL
updating zening or adding infrastructure

‘ ﬁ | DISTANCE TO RAILWAY STATION

Complete ( 2 )
i ot .~ DISTANCE TO SECONDARY SCHOOL
Reveiew and confem
| &

Daunt Ave Pozierns A

;

Scenario planning for s

ATRAVILLE

fUt u re | a n d u Se & 'o::::'Pwm*klM“ihMMWMMMRNMW.TOMCMM;.;’;folh\"ﬁ... ==
infrastructure

MALABAR

PREVIOUS STEP




Transport Infrastructure Value Uplift

UNSW

SYDNEY

¢ RAISE Toolkit

SCENARIO SUMMARY

TRAIN STATIONS IN MAROUBRA

3 Heavy Rai

SCENARIO SUMMARY

nario Value
TOTAL UPLIFT $727.11M

Percentage uplift

CHANGE INTITLE Show c
VALUATIONS

rio Valuation

1,400
1,200
" At
PHILLIP
BAYi2
g s

Botany Bay ‘:.;rl.'A'j
PERQU'SE"

ge - Parcel Valuation

nge - Parcel




School Infrastructure Value Uplift

¢ RAISE Toolkit

SCENARIO SUMMAR

SCHOOL

tchment

SCENARIO SUMMARY

Base Value

Scenario Value

CHANGE INTITLE Show count change
VALUATIONS

ario Valuation

% Change - Parcel Valuation
B voe
| Lessthan

No change




Planning Control Value Uplift

¥ RAISE TOO'klt SCENARIOS VALUATION AVM-ASSISTED VALUATION UB-MARKET ANALYTICS PORTFOL

SCENARIO SUMMARY ®

RANDWICK TEST

Created 15 Dec 2022

SCENARIO SUMMARY

Number of Parcels

157

assessed
Number of Parcels with o8
an Increased Valuation
Base Value $1,540,614,583
Scenario Value $1,593,503,137
TOTAL UPLIFT $52,888,554
Gross Realisation Value $527,694,200
Local Infrastructure ?

2 $17,206,674
Contributions
Transfer Duty $6,731,844

Parcel Valuation

Total Development Costs $399,768,333 More than $396.94m

$264.63m to
$396.94m

$132.32mto
$264.63m

$0t0 $132.32m
Less than S0
SYMBOLISE BY

Parcel Valuation




uplift around metro stations

NSW Premier Chris Minns and Planning Minister Paul Scully }' UNSW

City Futures
. Research Centre



va?u ea Ustra | Ia Valuations Platform About Us News & Make an Enquiry

PART OF YXPEXA

Unlocking
value
in property

Value Australia is a next-generation property valuation
platform that uses enriched data and advanced artificial
intelligence (Al) to provide highly accurate and fast
property valuations.

UNSW
. - i % City Futures
https://value-australia.com.au/ ¥ Rl Sntre



https://value-australia.com.au/

Al for planning better cities

THE SPECTRUM OF ARTIFICIAL INTELLIGENCE

FUTURE OF
»l PRIVACY

Artificial Intelligence (Al) is the computerized ability to perform tasks commonly associated with human intelligence, including reasoning, discovering patterns and meaning, \ - - VFgcRUM
generalizing, applying knowledge across spheres of application, and learning from experience. The growth of Al-based systems in recent years has garnered much attention, particularly . *o-3
in the sphere of Machine Learning. A subset of Al, Machine Learning (ML) systems “learn” from the success or accuracy of their outputs, and can change their processing over time, with MACHINE LEARNING
minimal human intervention. But there are non-ML types of Al that, alone or in combination, lie behind the real-world applications in common use. General Al — a human-level Algorithms improve through experience
computational system — does not yet exist. But Narrow Al exists in many fields and applications where computerized systems greatly enhance human output or outperform humans at =y b d
defined tasks. This chart explains the main types of Al, their relationships to each other, and provides specific examples of how they are currently appear in our day-to-day lives. It also (] p b g
demonstrates how Al exists within the timeline of human knowledge and development. %@ >
- L

Two NNs Learn by fighting.
e

K

syMBoucAl >
Human-readable logic problems

GAN GENERATIVE ADVERSARIAL NETWORKS ¢

Al USE CASES AND CONTEXTS

FINANCE
TAX COMPLIANCE

A software platform that distills tax laws into a
program, creates a personalized decision system,
and enables individuals to quickly and accurately
file their taxes.

EXPERT SYSTEMS
Complex solutions.
through reasoning

DEEP LEARNING

Multiple layers of

neural networks
-

>

Learning to complete a task

Value of Al: Tax compliance requires complete
accuracy. This efficient, interactive system that
provides precise and logically connected results S SEARCH S
allows taxpayers to understand, confirm, and have Steps from lnicial

< u state to goal
confidence in the outcome. KE provides transparent
and clear explanations.
NN NEURAL NETWORKS
Learning by maki
Types of Al: PLANNING & SCHEDULING B e S

P&S Multi-dimensional strategies
and action sequences

G—nw—_00

=1 HEALTHCARE
% AMBIENT CHARTING rites :(ﬂgmb&iﬁ!ﬂtmc

The use of background voice-to-text processing
during a patient/medical provider exchange to
record those interactions into the patient’s chart,
along with extracting tasks, symptoms, and
recommendations for further action as required.
Value of Al: Medical providers spend significant
time documenting, with uneven outputs, as well as
difficulty in correlating between providers. Ambient
systems encode conversations, target key phrases,
and present a summary for provider edit/acceptance.

COMPUTER SENSING

Human sense-based inputs

NATURAL LANGUAGE PROCESSING
Understand, interpret, manipulate language

Types of Al:

%. MOBILITY AND TRANSPORTATION
TURN-BY-TURN NAVIGATION

SOCIAL MEDIA FORECASTING

L 4
TRACKING
WORKPLACE MONITORING SPEECH OR CONTENT MODERATION L SUPPLY CHAIN MANAGEMENT

Embedded systems can monitor physical and digital Location-based software that provides detailed Systems can facilitate human teams in identifying, Systems to improve traditional inventory and
traffic, data usage, device management, and some instructions for travelers to reach a selected flagging, and deleting posts with defined, prohibited forecasting beyond historical/internal trend data,
employee behaviors for efficiency and security designation, customizable mode of transportation, terms (such as “hate speech” or profanity). to weight and include external factors such as
management of time, assets, and resources. multiple stops, services en route, and real-time Categorizing and selectively reacting based on weather, consumer sentiment, demographic trends,
Value of Al: Monitoring enables necessary adjustments based on traffic, tolls, and weather. platform policies, usually emhedd_ed in . anal_ysis of portal traffic, stock fluctuations, and
enforcement of data security policies and protocols.  Value of Al: This is a “shortest path” problem human/computer systems for review and decision. service levels
Also, systems can monitor and manage time solver, able to consider and weight variables such Value of Al: More efficient at scale than human-alone Value of Al: Systems can increase accuracy and
reporting and project management tools, as well as as speed, cost, and personal preferences, and reviews. Additionally, well-designed systems can efficiency, as well as provide improved transparency
ensuring appropriate supervision, training, and allow personalization based on repeated journeys, potentially adapt to variations in context, intent, and reliable, predictive analytics; enable aggregate
support, including for remote workers as well as link to calendar and scheduling data, cultural norms, and user expectations more forecasting from individual impact up through

and interactive prompts. consistently across platforms. regional levels.
Types of Al: Types of Types of Al:

OO0

P&s —Q—@—@

Q REINFORCEMENT LEARNING v

>

N

UNSW

City Futures
Research Centre
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SYDNEY

THE SPECTRUM OF ARTIFICIAL INTELLIGENCE

Artificial Intelligence (Al) is the computerized ability to perform tasks commonly associated with human intelligence, includij
generalizing, applying knowledge across spheres of application, and learning from experience. The growth of Al-based syst¢]
in the sphere of Machine Learning. A subset of Al, Machine Learning (ML) systems “learn” from the success or accuracy of the
minimal human intervention. But there are non-ML types of Al that, alone or in combination, lie behind the real-world applic|
computational system — does not yet exist. But Narrow Al exists in many fields and applications where computerized systems
defined tasks. This chart explains the main types of Al, their relationships to each other, and provides specific examples of ho|

demonstrates how Al exists within the timeline of human knowledge and development.

SYMBOLIC Al

Human-readable logic problems

Al USE CASES AND CONTEXTS

%
a FINANCE

TAX COMPLIANCE
A software platform that distills tax laws into a
program, creates a personalized decision system,
and enables individuals to quickly and accurately
file their taxes.
Value of Al: Tax compliance requires complete
accuracy. This efficient, interactive system that

provides precise and logically connected results S EEAR::H Tnitial
allows taxpayers to understand, confirm, and have P

confidence in the outcome. KE provides transparent
and clear explanations.

Types of Al:
00

%E HEALTHCARE
AMBIENT CHARTING

The use of background voice-to-text processing
during a patient/medical provider exchange to
record those interactions into the patient’s chart,
along with extracting tasks, symptoms, and
recommendations for further action as required.
Value of Al: Medical providers spend significant
time documenting, with uneven outputs, as well as
difficulty in correlating between providers. Ambient
systems encode conversations, target key phrases,
and present a summary for provider edit/acceptance.

PLANNING & SCHEDULING
P&S Multi-dimensional strategies
and action sequences

Types of Al:

%. MOBILITY AND TRANSPORTATION
. TURN-BY-TURN NAVIGATION

Location-based software that provides detailed
instructions for travelers to reach a selected
designation, customizable mode of transportation,
multiple stops, services en route, and real-time
adjustments based on traffic, tolls, and weather.
Value of Al: This is a “shortest path” problem
solver, able to consider and weight variables such
as speed, cost, and personal preferences, and
allow personalization based on repeated journeys,
as well as link to calendar and scheduling data,
and interactive prompts.

TRACKING
WORKPLACE MONITORING

Embedded systems can monitor physical and digital
traffic, data usage, device management, and some
employee behaviors for efficiency and security
management of time, assets, and resources.

Value of Al: Monitoring enables necessary
enforcement of data security policies and protocols.
Also, systems can monitor and manage time
reporting and project management tools, as well as
ensuring appropriate supervision, training, and
support, including for remote workers

Types of Al: Types of Al

O 06— s — s —DL—aan

e
.

Al for planning bette

Large

Language
Models

Dialog

Generation

SOCIAL MEDI
SPEECH OR'

Systems can facilitate ht
flagging, and deleting po
terms (such as “hate spe
Categorizing and selecti
platform policies, usuall
human/computer syster
Value of Al: More efficier
reviews. Additionally, wi
potentially adapt to variv..v... ..
cultural norms, and user expectations more
consistently across platforms.

Types of Al:

aNU TEUADLE, PIEUILUVE aNdlyLIC; ENdULE dggregate
forecasting from individual impact up through
regional levels.

Types of Al:
P&S

Translation

Produced by

P FUTURE OF
»| PRIVACY
. FORUM

Generation Data-centric

Tooling

Classification L':lHumanFirst

Knowledge
Answering

Hosting

& HuggingFace

| /-"Playgrounds
“ & Prompt
Engineering

@rNotebooks

>
TN

UNSW

City Futures
Research Centre



Planning Applications Al Classifier

Solution: Proof of Concept Techniques Employed

- State-of-the-art Al text classification models

A database (DebertaV3)
- 200k+ PAs from 383 LGAs/95 SUAs

e - Best industry practice (DataOps + MLOps
- An Al classifier yP ( P ps)
- Auto-scrape data and update the database weekly

- Classify PA with 4 ANZSI
Classify W't. S C cod.e - Auto-deploy Al/ML model to integrate ANZSIC code
- An APl to classify PAs in real-time into database

- An interactive Dashboard - Auto-improve Al/ML model when new data available

- Visualize data to analyze pattern Visulization of Australian Plan wwg./-\pphcatwcms - - Distribution of ANZSIC class Ct. by state
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A platform using
generative Al &
NLP to improve
user experience
working with
Spatial Data
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Conclusions

Low levels of adoption of data and technology solutions for planning.

Open data products more widely adopted to support planning low cost / high
accessibility.

Scenario Planning tools such as RAISE & What if? offer much promise.
Al now offers real potential to support efficient and effective city planning

Need for useful and useable data and technology solutions tools to make our cities
more resilient, sustainable, productive, equitable and liveable.
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